This paper studies the risk-return tradeoff in some of the main emerging stock markets in the world. Although previous studies on emerging markets were not able to show a positive and significant tradeoff, favorable evidence can be obtained if a non-linear framework between return and risk is considered. Using 15 years of weekly data observations for 25 Emerging Markets MSCI index (5 Latin American, 9 Asian, 5 Eastern European, 3 Africans and 3 aggregate index for Asia, Eastern Europe and Latin America) in a Regime Switching-GARCH framework, favorable evidence is obtained for most of the emerging markets during low volatility periods, but not for periods of financial turmoil or using the traditional linear GARCH-M approach.
1.-Introduction
The relationship between return and risk has motivated lots of research in both the theoretical and the empirical field for many years. Many of the asset pricing models are based on this fundamental financial relationship and a good comprehension of the dynamics of return and risk is essential to understand these models. One of the most cited theoretical works in the financial literature analyzing the relationship between return and risk is Merton's (1973) intertemporal capital asset pricing model (ICAPM). Merton shows a linear relationship between the expected return on a wealth portfolio and its conditional variance and its conditional covariance with the investment opportunity set:
( )
Despite the important role of this trade-off in the financial literature, there is no clear consensus about its empirical evidence. In a theoretical framework, all the parameters (the risk prices in brackets) and the variables (the sources of risk) are allowed to be time varying. However, to make this model empirically tractable one must make several assumptions; the most common is that of constant risk prices (Goyal and Santa-Clara (2003) , Bali et al. (2005) ). Another common assumption made in the empirical analysis of the risk-return tradeoff is that of a set of investment opportunities constant over time, leaving the market risk as the only source of risk in the ICAPM (Baillie and De Gennaro (1990) , Glosten et al. (1993) ). Finally, the empirical model is established in a discrete time economy instead of the continuous time economy used in the equilibrium model of the theoretical approach. Many empirical papers studying the risk-return use one or more of the assumptions explained above.
In the studies focused in the emerging markets, the most common empirical framework is the GARCH-M approach developed by Engle et al. (1987) . De Santis and Imrohoroglu (1997) find some weak evidence 1 for a positive risk-return trade-off in Latin American stock markets, but no evidence in those of Asia using weekly series from December 1988 to May 1996 in a GARCH(1,1)-M framework. Karmakar (2007) estimates an EGARCH model for Indian stock market data between July 1990 and December 2004, finding no relationship between return and risk. Chiang and Doong (2001) estimate a TAR-GARCH(1,1)-M model using data from Hong Kong, South Korea, Malaysia, the Philippines, Singapore, Taiwan, and Thailand. They find a significant positive relationship in daily data, but the impact of volatility (or risk) on market returns is weak in weekly data and insignificant in monthly data. Shin (2005) estimates both parametric and semiparametric GARCH-M models using weekly data from January 1989 to May 2003 to investigate the risk-return trade-off in emerging Latin American, Asian, and European stock markets. The results show a positive but insignificant tradeoff in most cases.
However, there are several important alternatives to the usual GARCH-M methodology in the financial literature. Ghysels et al. (2005) propose an alternative empirical methodology to counteract the disadvantages of the GARCH-M estimations, using different data frequencies to estimate the mean (with lower data frequency) and the variance (with higher data frequency) equations. Ludvigson and Ng (2007) use a factor approach to summarize a large amount of economic information in their risk-return tradeoff analysis. Bali (2008) proposes an alternative approach considering not only the time series dimension of the portfolio market but also the cross-sectional dimension that allows the consideration of the whole market. Whitelaw (1994) uses an instrumental variables specification for the conditional second moments. Harrinson and Zhang (1999) use nonparametric techniques in their study instead of the parametric approaches used above. Whitelaw (2000) and Mayfield (2004) employ methodologies whereby states of the world are essentially defined by volatility regimes.
Among the alternative methodologies to the GARCH-M framework existing in the literature, I consider the RS-GARCH 2 approach following the papers of Whitelaw (2000) and Mayfield (2004) . This methodology is based on an equilibrium framework developed in the paper of Whitelaw (2000) . This theoretical framework is slightly different from Merton's approach because a complex, non-linear, and time-varying relationship between expected return and volatility is obtained.
As remarked above, the evidence of a risk-return tradeoff in emerging markets using the GARCH-M approach is poor. In a recent paper, Lundblad (2007) shows that the typically insignificant relationship between the market risk premium and its expected volatility may be because of a statistical artifact 3 of the GARCH-M framework. A large data span is required in this approach to find successfully a positive risk-return tradeoff, showing in the Monte-Carlo simulation that even 100 years of data constitute a small sample from which one is forced to make inferences, obtaining sometimes disappointing results. To avoid this limitation of analyzing the risk-return tradeoff in a shorter span, we propose an alternative methodology which let us show favorable evidence in most emerging markets. We show that for shorter span empirical analysis, the relationship between expected return and volatility follows non-linear rather than linear patterns as suggested the GARCH-M framework. The RS-GARCH approach proposed in this study lets us obtain favorable evidence for a positive and significant risk-return tradeoff.
This study examines the relationship between risk and expected return in several emerging markets, using Latin American, Asian, Eastern European and African countries. Despite the multitude of literature focused on developed markets, there has been insufficient attention on emerging markets. The main contributions of this paper are the following. Firstly, an alternative empirical methodology through a Regime Switching (RS) model is considered against most of the previous studies that use a GARCH-M framework. The weak evidence for a risk-return tradeoff in emerging markets in previous studies could be because of a misspecification of the empirical model. The main results show that a specification of a non-linear relationship between return and risk in the short-term is more appealing than the common assumption of a linear risk-return trade-off. Non-linear specifications also allow distinguishing between the patterns followed by this relationship between low and high volatility states. This point is especially interesting in the current period, when the global financial crisis that started in October 2007 still questions most of the classic theoretical models.
Furthermore, differences in risk aversion levels and significance during high and low volatility periods are also detected in these emerging markets. Using this methodology, a positive and significant risk-return tradeoff for the most recent data in most of the emerging markets is obtained. Secondly, the study also shows that for shorter time span strong linear assumption in the risk-return relationship may lead to misleading results. Thirdly, the risk-free rate for each country is considered in contrast to previous studies (De Santis and Imrohoroglu (1997), Shin (2005) ). Finally, we show that the risk-return trade-off is essentially observed in low volatility periods where stock markets behave according the economic intuition; however, in high volatility periods this basic relationship between return and risk is not observed.
The paper is organized as follows. Section 2 provides the data. Section 3 develops the empirical framework used in the paper. Section 4 shows the empirical results. Section 5 provides a battery of robustness tests and section 6 concludes.
2.-Data description
This empirical study uses weekly observations for five of the main stock markets in For each country, it is considered weekly data from January 1995 to December 2010 for a total of 835 observations. The frequency and length of the time series allow the comparison of my conclusions with previous studies analyzing the risk-return trade-off in emerging markets such as De Santis and Imrohoroglu (1997) and Shin (2005) . Against the works cited above, the risk-free rate is also considered to compute the excess market returns. I use the monthly money market rate in each country suitably compounded at a weekly frequency 5 as a proxy for the risk-free rate. Thomson
Datastream is used to obtain the data about the MSCI indexes and International Financial Statistics for the data corresponding to the risk-free rate. After having computed logarithmic returns 6 for both the market portfolio and the risk-free rate 4 The EM MSCI aggregate index for African countries only contains data since 2003, so I decided not to include it to avoid misleading results due to the difference in the length of the sample. 5 This approach is used in Leon et al. (2007) to avoid the limitations in the availability of the risk-free rate at higher frequencies than monthly. 6 To facilitate the convergence of the models I consider the logarithmic returns multiplied by 100. proxies, the excess market returns in each market is obtained as the difference between the two of them.
[INSERT TABLE 1]
Table 1 contains summary statistics for the excess market returns in each country. All excess market return series exhibit non-normal distributions with strong evidence for skewness and kurtosis. This result suggests fat tails in the unconditional distributions. Moreover, the series also show conditional heteroskedasticity problems (autocorrelation in squared market excess returns). GARCH models fit properly to the data with these patterns (fat tails and conditional heteroskedasticity). There is also a common high value of the skewness statistic for all markets.
3.-Empirical specifications
In this section, we present and discuss the empirical models proposed in this study to analyze the risk-return trade-off. Assuming GARCH dynamics for the conditional second moments, we built two models considering linear and non-linear relationships between expected return and conditional variance.
3.1.-GARCH-M framework
The empirical analysis relating to expected return and conditional volatility is traditionally validated using a GARCH-M methodology. Considering the theoretical framework shown above and the assumptions usually established in the previous literature 7 this leads to the following model: 
In this model, the variance appears in the mean equation as a regressor and its parameter can be viewed as the market risk price or the risk aversion coefficient of a representative investor. Therefore, this parameter reflects the presence or lack of a risk-return trade-off and the sign of this relationship.
In this empirical model, the relationship between market risk premium and conditional variance is linear as suggested by Merton's model. However, several previous studies using this methodology fail to obtain favorable empirical evidence (French et. al (1987) , Baillie and De Gennaro (1990) ). We show in the next subsection an alternative empirical specification to avoid some of the limitations of the GARCH-M methodology.
3.2.-RS-GARCH framework
The model explained above proposes a linear relationship between return and risk. In this section, we show an empirical model that allows us to introduce non-linearities into this relationship. This specification could be viewed as the empirical validation of the theoretical equilibrium developed in Whitelaw (2000) . Whitelaw (2000) concludes that empirical models imposing a strong, often linear relationship between expected returns and volatility (such as GARCH-M models) need to be employed with caution. Given the importance of regime shifts to the results, an RS-GARCH specification is proposed, based on the model originally proposed by Hamilton and Susmel (1989) and Hamilton (1994) that allows us to distinguish between different volatility states governed by a hidden state variable that follows a Markov process.
In this model, the mean equation is not exactly as shown in Equation 2 because it is state-dependent: 
The shifts from one state to another are governed by a hidden state variable following a Markov process with a probability transition matrix: 
Because of this state dependence, the model is econometrically intractable 9 . We must, therefore, obtain state-independent estimates of variances and innovations. We averaged out according to the ex ante probability 10 of being in each state (Dueker (1997)): 
and
are the ex ante probabilities, where 
where k=1, 2 are the filtered probabilities.
We estimate this model, maximizing the QML function of Bollerslev-Wooldridge (1992), weighted by the filtered probability of being in each state: 
3.3.-Asymmetric specifications
To robustness purposes it is also considered the well-known fact that a negative shock has a greater impact in volatility than a positive shock. In all the series analyzed there is a common high value of the skewness statistic. For this reason, it is worthy proposing the consideration of the 'leverage effect' in the empirical model because let us treat in a different way the impact of positive and negative shocks. To reflect this, we use the GJR specification of Glosten et. al(1993) in the variance equation in both linear and non-linear specifications. I just estimate the same models presented above but instead of using equation (4) and (8) we replace them by the following equations:
9 See e.g. Gray (1996) or Dueker (1997).
10 Following Hamilton (1994), the ex ante probability is defined as ( )
for k=1,2 i.e. the probability of being in the k th state, given the information up to t-1.
Where δ is a new parameter to be estimated reflecting the impact of negative shocks and
The rest of parameters are the same defined above and I estimate the unknown parameters again maximizing the QML functions in (5) and (15).
4.-Empirical results
This section shows the main empirical results of the risk-return analysis in the emerging markets. I focus my attention on the relationship between expected market returns and conditional volatility rather than the well-known patterns and dynamics followed by volatility in these markets 11 . It is worthwhile noting the results of this relationship because it is the inconclusive point of the previous literature; the expected returns and volatility dynamics are similar in previous studies of emerging markets (Choudry (1996) , De Santis and Imrohoroglu (1997), Shin (2005)). This study is directly comparable with previous studies because the choice of data (in terms of frequency 12 and sample size) is similar. Furthermore, the data selection also includes the recent period of the global financial crisis (from October 2007), which is not treated in any previous study for emerging markets.
The left side of Table 2 shows the estimated parameters for the mean equation 13 using the GARCH-M framework for the emerging markets considered. The parameter c represents the constant term (the intercept) and the parameter λ represents the risk aversion parameter; that is the risk-return relationship.
[INSERT TABLE 2]
The main conclusion of these results is that the GARCH-M framework fails to show favorable evidence of the risk-return trade-off in emerging markets. There is no clear evidence about either the sign or significance of the relationship using this approach. Brazil is the only country where a significant trade-off is obtained but is negative. Therefore, the influence of volatility on stock markets is not enough to be significant in the linear framework drawn here. This result is inconsistent with the theoretical model that it is based on. Following Merton's ICAPM, we expect a positive and significant risk-return tradeoff. However, some previous studies also obtained similar results using this framework for both developed and emerging markets (Baillie and Di Gennaro (1990) , Glosten et al. (1993) , Shin (2005)).
11 Previous papers (De Santis and Imrohoroglu (1997) and Shin (2005)) analyzing emerging (and Latin American markets) reach similar conclusions about the volatility dynamics. For almost all these countries, there is evidence of time-varying volatility, which exhibits clustering and predictability. 12 The selection of the data frequency may be a concern. Most previous studies use weekly data in emerging markets. Even though there are slightly differences in the parameter estimations using different data frequencies, there is no particular reason that the conclusions in this study should be affected by the selection of data frequency. Some authors note this point in their studies (De Santis and Imrohoroglu (1997) , Shin (2005) , Lundblad (2007)). 13 Estimations for variance equation are not presented to save space. Moreover, the results for the variance equation do not provide any relevant contribution about the risk-return trade-off. They only suggest the volatility dynamics (which is not the objective of the paper).
A potential reason for these results may be that in shorter periods the risk-return tradeoff follows a non-linear relationship. The limitations imposing a linear relationship between return and risk are clearly observable in inconclusive previous studies. Whitelaw (2000) states the concerns about the importance of non-linear risk and develops a theoretical framework analyzing the relationship between return and risk in a two-regime economy, remarking the perils of linear models such as GARCH-M.
Right side of table 2 shows the estimations for the RS-GARCH model proposed. In this approach, there are two intercepts and two risk prices (aversion coefficients) corresponding to low and high volatility states. The introduction of regime switching in the empirical analysis lets us establish a non-linear relationship between expected return and conditional volatility as an alternative to the disappointing results obtained when we assume a linear relationship.
The main results for the RS-GARCH estimations show positive and significant estimations for the risk-return relationship in low volatility periods but the results turn non-significant in the high volatility state. With the sample used in this study, I am able to find favorable evidence for a positive and significant risk-return trade-off in most of the emerging markets. In some countries such as Peru, Philippines and Russia this evidence is very strong with significance even at 1% confidence level. In several countries as Argentina, Brazil, Mexico, Chile, Thailand, Egypt, Morocco, Poland, Turkey and the aggregate Asian index the trade-off is significant at 5% level. In some countries, the evidence is weaker just at 10% confidence level as China, Indonesia, India, Korea, Thailand, South Africa, Hungary and the aggregated index for Latin America. Finally in some emerging markets I cannot find evidence of a risk-return trade-off even in the low volatility periods as in the cases of Malaysia and the aggregated European index. This positive evidence is essentially observed in low volatility states where the financial markets are stable. However, the results for the high volatility state reveal a lack of a trade-off in periods of market jitters. None of the parameters in this state is significant at any confidence level (except for Turkey which is significant negative at 5%). Therefore, what this evidence suggests is that a positive and significant risk-return trade-off is only observed during periods of financial stability but this fact is not observed in times of financial turmoil in the emerging stock markets.
Moreover, some interesting results deserve some attention as well. First, the risk aversion coefficients in state 1 (corresponding to low volatility states) are higher than those corresponding to state 2 (high volatility states). This result suggests that there is less risk aversion in high volatility states. This finding is not consistent with the spirit of the theoretical models that suggest that higher volatility should be compensated with higher returns. However, some papers such as Mayfield (2004), Lettau and Ludvigson (2003), and Lundblad (2007) found the same evidence; in high volatility states, there is a decreasing level of risk aversion. One possible explanation could be the different risk aversion profiles for the investors in each state. During calm (low volatility) periods, more risk-averse investors are trading in the markets, but in high volatility periods only the less risk-averse investors remain in the market because they are the only investors interested in assuming such risk levels, decreasing the risk premium demanded during these periods. However, the specification presented here may be confounding expected returns with realized returns, particularly in the less common high volatility states (corresponding generally with recession periods) often associated with low or even negative markets returns (Lundblad, 2007) .
The evidence obtained in this paper about a significant trade-off in calm periods but non-significant during high volatility situations may also be related to the findings in papers as Nyberg (2011) and Kim and Lee (2008) . These authors find similar evidence in developed markets but establishing the state-dependence of the risk aversion on the business cycles instead of volatility regimes. In a certain way, they are different forms of introducing the non-linear relationship between return and risk but very similar in the sense that many periods corresponding to recessions are associated with high volatility situation states and boom cycles often coincide with low volatility periods in stock markets. In our case, we also support the procyclical risk aversion observed in the paper of Kim and Lee (2008) since in low volatility states (boom periods) the investors show are stronger risk-aversion than during high volatility (recession) periods.
Another interesting result is related with the significance of the constant term. In many countries this parameter presents a significant value. Some authors (Leon et. al(2007) ) relate this significance with structural market imperfections. This interpretation is totally plausible in the markets analyzed here which are in developing process and may present some of these imperfections. Moreover, due to the significance of this parameter, its omission could lead to misleading results because the model would be misspecified. However, I explain this issue in more detail in the next section.
Finally, note that the volatility persistence estimated with linear models is usually very high (around 0.9). However, considering two regimes we get a reduction of this persistence overall in the high volatility state where there is a greater impact of the shocks and the impact of these decay more quickly (Marcucci, 2005) . Considering just one volatility process could be another of the reasons of the inconclusive results obtained with linear models.
[INSERT FIGURE 1]
Figure 1 presents the smooth probability of being in a low volatility state in each of the emerging markets analyzed. It is not possible to extract a common pattern among all these countries because each country follows its own idiosyncratic volatility process. However, it is worthy to note that in most cases low volatility states governs the volatility process and high volatility states are just present during the crisis periods in each specific country.
4.1.-Diagnosis tests
In this subsection, I perform some specification tests on the standardized residuals from our estimations. The objective is to detect potential misspecifications in our empirical model that could lead to wrong or spurious results. Table 3 shows the diagnosis tests using the standardized residuals for the aggregated Asian, European and Latin American countries case as a representation of all emerging markets 14 .
[INSERT TABLE 3]
The first rows in Table 4 show summary statistics for the standardized residuals ( , , ,
, in levels and squares for both GARCH-M and RS-GARCH. The mean values for residuals in levels are around 0 and variance values are around 1. The degree of skewness and kurtosis is also reduced compared with the original series. This reduction is even higher in the RS-GARCH approach, suggesting a better fit for the fat tails in the unconditional distribution. 
The results support consistency in our estimation results despite the non-normality patterns of the original series. All the analysis performed for the standardized residuals show that the models proposed reflect the dynamics of both the market risk premium and the conditional second moments. We cannot find any sign or evidence of a potential model misspecification.
5.-Robustness test
The results in the previous section show a significant relationship between expected returns and risk in almost all the emerging markets analyzed. In this section we repeat the empirical analysis both from a linear and non-linear point of view using different specification proposed in the literature to model the mean and the variance equation 15 .
More specifically, in the variance equation I consider the asymmetric response of volatility against shock of different sign (the 'leverage effect') and I propose a model omitting the constant term in the mean equation (Lanne and Saikkonen (2006), Guo and Neely (2008)). Table 4 shows the estimations for the original model with an asymmetric GJR specification in the variance equation 16 . In this case we observe a significant risk-return trade-off of at least at 90% confidence level in 19 of our 24 index analyzed during the 14 The choice for these markets is purely arbitrary and is done in order to save space. The results for other markets are similar and are available upon request. 15 All the estimations have been replicated assuming a t-student distribution for the innovation term and the results are very similar to those reported in the paper. 16 The results are very similar to the symmetric case. For the sake of brevity I just describe bravely the main implications on the risk-return trade-off observed.
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low volatility periods. The results for high volatility periods and for the GARCH-M framework are similar than the symmetric case. If anything, these results support the findings obtained above. Table 5 and Table 6 represent the risk aversion coefficient in the case we omit the constant term in the mean equation for the symmetric and asymmetric variance specification respectively. Lanne and Saikkonen (2006) have pointed out that in many empirical studies analyzing the risk-return trade-off the intercept is included in the model for the conditional mean in the GARCH-M model although, based on the ICAPM, it is not theoretically justified. They failed to find a positive risk-return tradeoff in the U.S stock returns when the intercept is included in the model. However, a positive and statistically significant GARCH-M estimate (using the notation employed in this paper) is obtained when the intercept is excluded. The results of Tables 5 and 6 do not support this evidence for emerging markets. Among the 24 indexes markets analyzed, using the linear framework without constant in only 5 (4 in the asymmetric case) of them we can find a positive and significant tradeoff between return and risk and in some cases this relationship is negative. The results for the non-linear cases show that a significant tradeoff is obtained in 21 (only 13 in the asymmetric case) for low volatility periods and essentially a negative and non-significant relationship is obtained during high volatility periods. But the evidence omitting the constant term in the mean equation are generally weaker than including it. So, in a linear framework one is more likely by imposing the restriction of no constant term in the return equation to find a positive risk-return relation but in the non-linear framework this fact is not observed and the omission of the constant could lead to weaker results. Anyway, as we do not know the true data generating process one could be estimating misspecified models is preferably including the constant term (Guo and Neely (2008)).
[INSERT TABLES 5 AND 6]
Suming up, the main result here is that I can obtain favorable evidence of a positive and significant risk-return tradeoff with a time 'span' of approximately 15 years for almost all the emerging countries considered, as it is suggested by the theoretical intuition. However, only in the case of (i) a proper relationship between return and risk (that is, non-linear rather than linear); and (ii) periods identified as low volatility states, I can obtain the empirical evidence supporting the theoretical models. The results shown in this study demonstrate the importance of non-linear risk and RS in the patterns followed by the dynamics and the trade-off between return and risk in emerging markets. Strong linear assumptions about the risk-return tradeoff in shorter 'spans' could be the reason for the weak evidence documented in the previous literature.
6.-Conclusions
This study provides a risk-return analysis for almost all of the main stock markets known as Emerging Markets. We analyze different countries in several worldwide regions as Asia, Latin America, Eastern Europe and Africa. Using the standard GARCH-M framework (similar to previous studies in emerging markets), we do not find favorable evidence about a significant risk-return trade-off. However, using a RS-GARCH approach to explore this trade-off I obtain a significant estimation for the risk aversion parameter with a relatively short time span (15 years of data). The results suggest that the RS-GARCH framework can identify a non-linear relationship between expected return and risk for 'shorter' time spans in contrast to the disappointing results of the GARCH-M framework. So, strong linear assumptions analyzing the risk-return relationship in emerging markets must be taken with caution.
The results also provide a relationship between volatility regimes and risk aversion level. The risk aversion level in emerging markets is higher in low volatility states and lower in high volatility states. This suggests that a lower risk premium is demanded during recession when the realized returns are often lower (even negative) than during calm periods. The investor profile in each context may also have an influence on this lower risk aversion coefficient during high volatility periods. Generally, high volatility regimes correspond to periods of recession or low expansion in the country's economy, whereas low volatility regimes correspond with periods of economic expansion and let us link our findings with some papers focused in developed markets that obtain this result as well (Kim and Lee, 2008) . Therefore, our study also support the procyclical risk aversion of investors documented for developed markets 
Table. 2-Estimations for the MSCI index using the GARCH-M and RS-GARCH-methodology. (T-stats in parenthesis)
. ***,**,* represents significance at 1%, 5% and 10%. This table shows the estimations for the intercept, the risk aversion parameter and the shock persistence in the emerging markets considered using the symmetric variance specification. T-stats in parenthesis. ***, **, and * represent significance at 1%, 5%, and 10% levels. Persist. means the persistence of an unexpected shock in the market volatility and is computed as the sum of the parameters (α+β) in the variance equation. GARCH-M and RS-GARCH. J-B test is the Jarque-Bera test for normality. L-B (6) is the Ljung-Box autocorrelation test including six lags. This also tests the first two moments of the standardized residuals to validate consistent estimations of the QML procedure from deviations to normality. .***, **, and * represent significance at 1%, 5%, and 10% levels.
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Table 4.-Estimations for the MSCI index using the GJR-GARCH-M and GJR-RS-GARCH-methodology. (T-stats in parenthesis)
. ***,**,* represents significance at 1%, 5% and 10%.
This table shows the estimations for the intercept, the risk aversion parameter and the shock persistence in the emerging markets considered using the asymmetric variance specification. T-stats in parenthesis. ***, **, and * represent significance at 1%, 5%, and 10% levels. This table shows the estimations for the risk aversion parameter in the emerging markets considered in the symmetric case omitting the constant term in the mean equation. T-stats in parenthesis. ***, **, and * represent significance at 1%, 5%, and 10% levels. (-0.5017) This table shows the estimations for the risk aversion parameter in the emerging markets considered in the asymmetric case omitting the constant term in the mean equation. T-stats in parenthesis. ***, **, and * represent significance at 1%, 5%, and 10% levels. 
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